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ABSTRACT

In this research a light is shed on converting DNA series to amino acid being
responsible for forming protein through intelligent techniques. Some comparisons
have been made between particularly Artificial Neural Network, Fuzzy Logic and
Genetic Algorithms for discovering the powerful and the week ones in particle way.
The hybrid operation has been made between Artificial Neural Network and Fuzzy
Logic t to get a hybrid technique in a new formula having robust results than the
original ones.

Keywords: Pattern recognition; neural network; fuzzy logic.
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